
How Would You Say It?
Eliciting Lexically Diverse Data

For Supervised Semantic Parsing

Building dialogue interfaces for real-world 
scenarios often entails training semantic parsers 

starting from zero examples.   
How do we build datasets that capture 

the variety of ways in which users phrase their 
queries?
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Orienting a dialogue-capable intelligent system is accomplished by 
training its semantic parser with utterances that capture the 
nuances of the domain. 
Previous work[1] proposes a methodology that generates         
example natural language utterances for logical forms, which are 
then paraphrased by crowdworkers. 
Three main limitations: 

• Seed utterances may induce bias towards the language of the 
canonical utterance, specifically with regards to lexical 
choice. 

• Generic grammar suggested cannot be used to generate all 
the queries we may want to support in a new domain. 

• No check on the correctness or naturalness of the canonical 
utterances themselves, which may not be logically plausible. 
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Dataset: https://github.com/oaqa/resources

Table 1. Comparison of data creation 
methodology of [1] and this work.  Table 3. Test accuracy results of different systems on 

the SMARTHOME dataset as compared to 
OVERNIGHT and GEO 

•  195 Turker Sessions over three days. 
•   Each logical form shown to 5 Turkers for paraphrasing. 
•   Each Turker asked to enter a total of 60 paraphrases. 
•   8294 unique paraphrases collected over 948 logical forms. 
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Table 2. Number of word types in the 
language compared to the logical form. 
Larger ratio indicates more lexical diversity 
for the same complexity of the logical form.

Most errors stem due to the following types of queries in 
SMARTHOME, which are not present in OVERNIGHT or GEO: 
• Singular and plural forms (eg. radio/radios) 
• Unseen semantically equivalent phrases (eg. Does Bob not 

have energy should be mapped to the logical form for Is 
Bob tired). 

• Indirect phrases (eg. Do i need to change the lights in the 
living room not mapping to the logical form for living room 
lights not working correctly). 

• Complementary Terms (on/off).

• A mixture of text and images elicits more lexically diverse paraphrases from 
crowdworkers with limited loss of correctness. 

• SMARTHOME dataset for semantic parsing. 
• Domain, cardinality and complementary formulations also contribute to difficulty.
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